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Improved cultural particle swarm optimization algorithm for

solving resource—constrained project scheduling problem
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Abstract: In order to overcome the premature phenomen of standard particle swarm optimization( PSO) for solving RCPSP

this paper proposed an improved cultural particle swarm optimization( ICPSO) algorithm. The framework of the proposed algo—
rithm was based on the main population space of the PSO and the knowledge space of the cultural algorithm( CA)  where two
spaces having respective groups as well as evolving independently and formed the mechanism of “double evolution double

”. At the same time in order to avoid the restriction of self-evolving by the knowledge space of the CA it introduced

promotion”’
the evolutinary mechanism of the genetic algorithm ( GA) into the knowledge space to improve its evolutionary operations. A
specific comparing example verifies the validity of the ICPSO for solving the RCPSP.

Key words: cultural particle swarm optimization( CPSO) algorithm; resource-constrained project scheduling problem ( RCP-

SP) ; knowledge space; main population space
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